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2. Methods

1.1 Spike Camera Each pixel of the spike camera comprises three main 2.2 Multi-Order DSFT Fusion (MODF) 3.1 Quantitative Results on REDS-SCIR Dataset
(1) Reference-based metrics

3. Experiments

1. Introduction
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Fluctuations: even when the light intensity is constant, the
Integration period of each spike changes over time.
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3.3 Ablation Studies
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